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According to In order to Be to parallel in |Apparently
As follows To Comparatively Certainly
Example Correspond to Clearly
Instance e Correspondingly Especially
In particular - Likewise Indeed

In substantiation | If Like Interestingly
Just as Respectively Obviously
Particularly Similar to Oddly Enough
Specifically Similarly Significantly
Such as Than Still

To demonstrate To have--- in Surely

To illustrate common Undoubtedly
To substantiate

¥] % w37 Mg B

Accordingly Although After Later

As a consequence But Afterward Meantime

As a result By contrast As soon as Meanwhile

Be responsible for | Conversely At last Next

Because Different from At the same time Now

Cause However Before Nowadays
Consequently In contrast During Recently
Contribute to Instead Earlier Second

Due to Rather than Eventually Since

For this reason Nevertheless Finally Soon

Have an effect on |[On the contrary First Subsequently

Hence

On the other hand

For the time being

Temporarily




Lead to Otherwise From now on Then
Now that Unlike Immediately Third
Owing to Unfortunately In the end To begin with
Result in Whereas In the first place |Ultimately
Since While Last When
So Yet Lastly While
Therefore
Thus
o it A B
As a matter of Additionally Admittedly Briefly
fact Again After all In a nutshell
In fact Also Although In a word
In other words And Despite In brief
In similar terms Besides Even if In conclusion
Indeed Furthermore Even though In short
Namely In addition In spite of On the whole
That 1is Moreover Though Summing up
Too To conclude
What 1s more To put it briefly
To sum up
To summarize
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- LA LFES R ETRY 2 gy | p RE D A (NLP) AP A
https://aiacademy. tw/what-is-nlp-natural-language-processing/
= ~Chin-Yew Lin. ROUGE: A Package for Automatic Evaluation of Summaries.
https://aclanthology. org/W04-1013. pdf
= ~ Ganesan, Kavita. What is ROUGE and how it works for evaluation of summaries?
https://kavita-ganesan. com/what-1s-rouge-and-how-1it-works-for-evaluation-of-
summaries/#. YWrrdxpBxJ8
z ~ Hands-on implementation of TF-IDF from scratch in Python.
https://www. google. com/url?q=https://analyticsindiamag. com/hands-on-
implementation-of-tf-i1df-from-scratch-in-
python/&sa=D&source=docs&ust=1634658529924000&usg=A0vVawl YwWmk8zyo jb_BmVhb8 jNC
7 ~Joshi, Prateek. An Introduction to Text Summarization using the TextRank
Algorithm (with Python implementation)
https://www. analyticsvidhya. com/blog/2018/11/1introduction-text-summarization—
textrank-python/
= ~ Maszhongming. MatchSum. https://github. com/maszhongming/MatchSum
= ~Panchal, Akash. NLP — Text Summarization using NLTK: TF-IDF Algorithm.
https://towardsdatascience. com/text-summarization-using-tf-idf-eb64al644aced
~ ~ Prabhakaran, Selva. Cosine Similarity - Understanding the math and how it
works (with python codes) https://www. machinelearningplus. com/nlp/cosine-
similarity/
1 ~ Saxena, Sawan. Text Summarization in Python using Extractive method
(including end-to-end implementation) https://medium. com/analytics-vidhya/text-
summarization-in-python-using-extractive-method-including-end-to-end-
implementation-2688b3fdlc8c
+ ~ Xiuneng. TF-IDF #-3]3f%. https://www. cnblogs. com/hul iangwen/p/7420387. html
+ — ~Yueh-Lin Tsai. TextRank % & /# 4 % https://tan800630. medium. com/textrank-
%WE6%BCRIA%RE T%AE%I T%RE6%B3%9I5%EA%BB%EB%E 7%B4%B9-e73b44679bce
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